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(a) Scaling functions ¢ (b) Scaling functions $(c) Wavelets ¢ (d) Wavelets &
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Fig. 2 The wavelet decomposition pdf using Daubechies and Antonini wavelet base

(a) The coefficient contribution using Antonini 9-7 filter wavelet base (b) A is the coefficient contribution curve us-

ing Antonini 9-3 filter wavelet base and B is the coefficient contribution curve using Daubechies 4-4 wavelet base
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Table 1 The wavelet coefficient variance using Daubechies and antonini wavelet decomposition

Daubechies Filters

Antonini biorthogonal filters

Style 4-4 6-6 8-8 9-7 9-3 5-7
Variance -86~79 ~77~ 74 -79~ 63 -70~60 -63 ~ 55 -76~66
Absolute 165 151 162 130 118 142
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A Remote Sensing Image Compression Method
Based on Wavelet Transformation
and Vector Quantization
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(Dept. of Communication Engineerings, Changchun Institute of Posts & Telecommunications, Changchun 130012)

Sun Hui, Zhang Shenghua
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Abstract A remote sensing image compression method based on wavelet transformation (WT) and

vector quantization (VQ) is proposed in this paper. Two dimensional WT is applied to remove the spatial

correlations in pixels, then the transformed wavelet coefficients are encoded by VQ compression coding.

The experimental results show that a compression ratio of 10 : 1 can be obtained using this method, and
Peak Signal-to-Noise Ratio (PSNR) is 30. 52. The method is superior to JPEG method, and non-block ef-

fects are seen. This method can be applied in various remote sensing image compression, and the double

performances of CR and PSNR are apparently improved in comparison with JPEG.

Keywords Wavelet transformation, Data compression, Vector quantization



